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In the modern financial environment, cryptocurrencies have gained significant popularity,
becoming an important element of the global economy and financial markets. The dynamic development
of blockchain technologies and decentralized financial instruments fosters increased interest from both
private investors and institutional players. However, the high volatility of cryptocurrencies and the
complexity of the mechanisms behind their price formation necessitate a detailed study of these
processes.

This paper models cryptocurrency exchange operations, analyzing price formation influenced by
buying, selling, and introducing new crypto coins to the market. The system simulates investor behavior
with individual parameters: initial balances, risk profiles, and profit-driven trading strategies over a
specified period. The model takes into account the psychological aspects of investor behavior, their
reaction to changing market conditions, and the impact of external factors such as news and regulatory
changes.

Special attention is paid to analyzing the impact of adding additional quantities of coins to the
exchange at a reduced price during peak cryptocurrency price values. This creates conditions for
activating trading operations, increasing liquidity, and affecting overall market dynamics, particularly
volatility and price fluctuation trends. The study shows how such interventions can be used to stabilize
the market or stimulate its further growth.

The analysis of the obtained data allows for detailed observation of changes in the
cryptocurrency’s value over time, identifying patterns and trends. Using statistical and analytical
methods, the impact of different investor strategies on their financial results and the overall market
situation was investigated. This enables assessing how investor decisions-timing, trade volume, and
market reactions-impact profits and market dynamics.

The research emphasizes the importance of a deep understanding of market mechanisms and
trading psychology and can serve as a basis for developing effective trading strategies on cryptocurrency
exchanges. The obtained results may be useful for traders, financial analysts, and developers of
algorithmic trading systems, contributing to increased efficiency and stability of cryptocurrency
markets. Moreover, the findings of the work can be applied to improve regulatory approaches and
policies regarding cryptocurrencies.

Key words: cryptocurrency modeling, price dynamics, investor strategies, market analysis,
decision-making.

1. Introduction

In the modern world, technological advancements and digital innovations significantly impact
all areas of the economy and finance. One of the most critical phenomena of recent years is the
emergence and rapid growth of cryptocurrencies. They have opened new opportunities for investors
and entrepreneurs while presenting the scientific community with several complex questions about
their nature, operational mechanisms, and impact on global financial markets.

This article is dedicated to the scientific field of financial modeling and computational
economics, focusing on the problem of understanding and simulating the mechanisms of
cryptocurrency price formation on exchanges. Cryptocurrency exchanges have become the primary
platforms for trading digital assets, where demand and supply determine the value of specific coins.
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However, the dynamics of cryptocurrency price formation significantly differ from traditional
financial instruments due to high volatility, the absence of centralized regulation, and the influence
of various external factors. This discrepancy necessitates the development of models that can
adequately describe and predict the behavior of cryptocurrency markets.

One of the key aspects influencing cryptocurrency prices is the behavior of market
participants — investors, traders, and miners. Their decisions regarding buying, selling, or introducing
new coins directly impact the balance of demand and supply and, therefore, the cryptocurrency price.
Traditional economic models often fail to accurately describe these processes due to the unique
characteristics of cryptocurrency markets, such as decentralized governance and the significant role
of psychological factors.

Therefore, there is an increasing need for specialized information technologies and modeling
approaches that capture the specifics of cryptocurrency exchanges and the behavioral patterns of their
participants. Such technologies would allow for a deeper understanding of the mechanisms behind
cryptocurrency price formation and enable researchers to study the impact of various factors on
market dynamics.

The relevance of this research lies in the growing significance of cryptocurrencies in the global
economy and the necessity to comprehend their influence on financial markets. Developing accurate
models of cryptocurrency exchange operations is crucial for predicting market trends, managing risks,
and formulating effective trading strategies. This study aims to contribute to the scientific community
by providing tools for analyzing and modeling cryptocurrency markets, thereby filling existing gaps
in both academic literature and practical applications.

2. Literature review and problem statement

In [1], temporal sentiment analysis extracted causal rules from tweets to predict events,
indicating that social media content supports forecasting tasks. Studies [2 — 5] further highlighted the
potential of social media, network analysis, and topic modeling for understanding dynamic
information flows. In [2], dynamic topic modeling examined shifting online discussions during the
COVID-19 pandemic, showing that evolving narratives influence prediction accuracy. In [3], a
comprehensive overview of social network analysis and mining presented methods to interpret
complex relational structures. In [4], mining Twitter data improved influenza detection, proving that
timely data streams enhance surveillance and early warnings. In [5], analyzing social networks
predicted future knowledge transfers, suggesting that network insights help anticipate changes in
interconnected systems.

Works [6] and [7 — 8] underscored the importance of robust statistical frameworks. In [6],
various time series methods offered techniques for capturing temporal patterns in intricate datasets.
Studies [7 — 8] emphasized foundational statistical principles, ensuring that data-driven models
remain methodologically sound and interpretable.

Research [9 — 10] provided methodological guidelines for decision-making systems and
decision support methods. In [9], decision-making frameworks guided structured reasoning, essential
for complex financial scenarios. In [10], decision support systems integrated analytical tools that
assist in selecting optimal strategies, which is vital in uncertain markets.

In [11], a fuzzy rule-based Bayesian algorithm managed selection problems under demand
response conditions, illustrating how adaptive computational approaches handle intricate decision
environments. Reference [12] demonstrated that identifying influential economic factors supports
accurate exchange rate forecasts for traditional currencies. Study [13] analyzed numerous
publications to inform forecasts of cryptocurrency rate changes, revealing that diverse data sources
contribute to improved predictive capabilities.

In [14], an algorithm considered influential social media posts from prominent figures, refining
cryptocurrency rate forecasts by integrating external signals. In [15], expert opinion rankings
improved exchange rate prediction accuracy, proving that structured judgment complements
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quantitative data. These studies advanced forecasting methods using sentiment, network, statistical,
and decision support tools, but they mostly focused on external indicators, macroeconomic
parameters, or aggregated social signals.

Despite these advancements, no integrated model fully simulates internal dynamics driven by
individual investor strategies, particularly buying, selling, and introducing new coins. EXxisting
approaches rarely capture how participant actions shape cryptocurrency price formation from within
the exchange environment. This gap suggests that developing a comprehensive model, which
accounts for investor behaviors and their collective effects on price, remains a crucial unresolved
problem. Addressing this challenge can enhance predictive accuracy, refine strategic decision-
making, and support more stable cryptocurrency markets.

3. The aim and objectives of the study

The study aims to model cryptocurrency exchange operations, focusing on investor strategies
and behaviors, to analyze their collective impact on cryptocurrency price formation. This addresses
the identified problem of lacking adequate models that reflect the unique dynamics of cryptocurrency
markets influenced by participant behavior.

To achieve this aim, the following specific objectives are set:

1. Develop a mathematical model of a cryptocurrency exchange:

— Formulate a model that includes the initial balances of money and cryptocurrency for each

investor.

— Incorporate the planned number of trading rounds by the investors.

— Define the mechanisms of buying and selling cryptocurrency by investors aimed at profit

maximization.

— Integrate the mechanism of adding extra coins to the exchange at a discounted price during

specific time intervals to simulate market interventions.

2. Analyze the impact of investor actions on cryptocurrency price formation:

— Examine how active buying and selling of cryptocurrency by investors affect its market value.

— Investigate how the addition of new coins alters the demand-supply balance and influences

the price.

— Assess how strategic decisions regarding the timing and volume of transactions impact

investors’ profits and overall market dynamics.

3. Conduct computational simulations of exchange operations:

— Implement the developed model in a computational environment to simulate exchange

operations.

— Collect data on cryptocurrency price dynamics during trading rounds.

— Record final balances of money and cryptocurrency for each investor.

— Track the number of buying and selling transactions conducted by each investor.

4. Perform an analytical evaluation of the simulation results:

— ldentify patterns and trends in cryptocurrency price changes under the influence of various

factors.

— Evaluate the effectiveness of different investor strategies and their impact on the overall

market situation.

— Provide insights into the collective behavior of investors and its effect on market stability and

volatility.

5. Develop recommendations for optimal trading strategies and further research:

— Propose recommendations for selecting optimal trading strategies on cryptocurrency

exchanges based on the analysis.

— Suggest enhancements to the model by incorporating additional factors such as news events,

regulatory changes, and the behavior of large market players [3 — 5].

— Explore the adaptability of the model to other types of financial markets or digital assets.
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The study aims to address the literature gap by developing models that simulate cryptocurrency
exchange operations influenced by investor behavior. This will contribute to a better understanding
of cryptocurrency price formation mechanisms and support the development of effective trading
strategies.

4. The study materials and methods of research of the cryptocurrency exchange
4.1. Object and hypothesis of research of the cryptocurrency exchange

The object of this research is the cryptocurrency exchange market, focusing on the mechanisms
of cryptocurrency price formation influenced by investor behavior and market dynamics. The
research focuses on developing and analyzing a computational model simulating cryptocurrency
exchange operation, including investor strategies, market interactions, and additional coin
introductions. To conduct this study, we employed computational modeling and simulation methods
to recreate the dynamics of a cryptocurrency exchange. The research methodology includes:

Mathematical modeling: developing mathematical representations of investor behavior, market
supply and demand, and price formation mechanisms. This approach is grounded in established
financial modeling techniques as outlined in [6 — 8].

Simulation: implementing the mathematical model in a computational environment using
Python programming language and relevant libraries such as NumPy and Pandas. Simulation allows
for iterative testing and analysis of various market scenarios over multiple trading rounds.

Data analysis: collecting and analyzing simulation data to evaluate investor performance, price
dynamics, and market trends. Statistical methods are applied to identify patterns and assess the
effectiveness of different trading strategies.

The research was organized into the following steps:

4.2. System description

The modeling system comprises several key components that interact to simulate real
processes on a cryptocurrency exchange:

Investors

Number of investors: the system includes a specific number of investors N, each with unique
parameters.

Initial balance: each investor i has an initial United States dollar (USD) balance B? and an
initial cryptocurrency balance Q;.

Trading strategy: investors follow different strategies regarding the number of trading rounds
R;, criteria for buying and selling, and risk profiles.

Cryptocurrency

Initial value: the initial price of the cryptocurrency is set as P,.

Total number of coins: the initial supply of coins in the market is calculated:

M, = ?]:1 Qio- (1)

Exchange

Trading mechanisms: the exchange ensures the execution of buy and sell transactions among
investors based on market rules.

Coin addition: at specific moments, additional coins AM, ;4 are introduced to the exchange at
a discounted price, simulating market interventions.

4.3. Model description
The modeling process involves the following steps:
Step 1: Initialization
Set initial parameters: establish the initial balances for investors B?, @7, the initial
cryptocurrency price P,, and the total number of coins M,.
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Step 2: Simulation of trading rounds
For each trading round r from 1 to n:
Update cryptocurrency price: the price B. is updated based on demand D,. and supply S,.:

P.=P._, x (g—) 2)

In formula (2), P._, is the price in the previous round, following the supply-demand
equilibrium model [6].

Investor decisions on buying or selling:

— Each investor i decides to buy or sell based on the expected future price E[P,,,] and
predefined 65, and O5,;.

Buying criteria:

E[P,,1] > P., (3)

Pr < ebuy: (4)
Selling criteria:

E[P,,1] <P, (5)

Pr > Hsell- (6)

The expected future price E[P,,,] is estimated using trend analysis and moving averages as per
standard financial forecasting method [7].

Execute transactions:

— Transactions are executed based on investor decisions and available balances.

— Investor balances are updated:

B = BY' £ AB,, (7)

inew — ng)ld + AQil (8)

where, AB; and AQ; represents changes due to buying or selling [8].
Update Market Supply and Demand.
The total market coin amount M,. and money supply C, are updated:

M, = M,_, + AM,., 9)

Cr = Cr—1 £ ACG,. (10)

Demand and supply are recalculated based on the aggregated of all investors.

Add additional coins:

— Introduce new additional coins and additional price, to simulate market interventions.
— Update supply and price:

Sr41 = Sr + AMyqq, (11)
Dy
Pry1 =P X (T:) (12)

Update statistics:

Record updated investor balances, transaction counts, new prices, and trading volumes for
analysis [9].

Step 3: Simulation completion

After trading rounds, final data on investor balances and cryptocurrency price dynamics are
collected for comprehensive analysis [10].
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4.4. Data collection and analysis

Data on each investor’s transactions, balances, and the cryptocurrency’s price at each round
were recorded.

Statistical analysis was performed using tools like Pandas and Matplotlib to identify trends,
patterns, and the effectiveness of different trading strategies.

Equipment and tools used

Computational resources:

— Hardware: simulations were run on a computer with [specify CPU, RAM, etc.].

— Software: python programming language with libraries such as NumPy, Pandas, and
Matplotlib.

Mathematical libraries:

— Software: python programming language with libraries such as NumPy, Pandas, and

— Utilized for numerical computations and statistical analysis to ensure accuracy and efficiency.

References to methods and standards

— The modeling techniques align with methodologies in financial modeling and simulation as
discussed in [6 - 8].

— Simulation practices are based on standard computational methods used in similar financial
studies [9 - 10].

Initial investor data

Table 1 outlines the initial values for investors, detailing their USD balances, cryptocurrency
holdings, and the number of trading rounds. These parameters are fundamental for assessing how
starting conditions, such as financial resources and market exposure, influence individual strategies
and overall simulation outcomes. Each investor’s data provides insight into their capacity to engage
in trades, respond to market changes, and adapt strategies, shaping the dynamics of the modeled
cryptocurrency exchange. This information is essential for identifying patterns and evaluating the
effects of investor diversity on market stability and price formation. It also highlights how variations
in initial conditions can lead to different outcomes in trading behavior.

Ethical considerations

Data privacy: as the simulation involves synthetic data, there are no privacy concerns related
to personal information.

Reproducibility: the methods and models used are documented thoroughly to allow for
replication of the study by other researchers.

Table 1 Initial values for investors

Name USD Balance Cryptocurrency Rounds
balance
Person_1 905.90 57.63 5
Person_2 939.89 98.92 2
Person_3 788.83 99.22 3
Person_4 1037.63 93.41 6
Person_5 799.88 32.47 3
Person_6 827.29 33.86 5
Person_7 1209.10 97.18 4
Person_8 861.86 54.67 2
Person_9 985.39 62.01 3
Person_10 1085.87 54.29 3
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Limitations

The model simplifies certain aspects of real-world cryptocurrency markets, such as ignoring
external market influences (news, regulations) and high-frequency trading by institutional investors.

Conclusion of methods

By utilizing computational modeling and simulation, this study effectively replicates the
operations of a cryptocurrency exchange. The methods applied allow for a detailed analysis of how
investor behavior and market mechanisms influence cryptocurrency price formation. The subsequent
results provide insights into optimal trading strategies and market dynamics.

5. Results of investigating the simulation of a cryptocurrency exchange
In this section, we present the simulation results of our cryptocurrency exchange model,
organized according to our study objectives. We highlight the scientific novelty and provide detailed
information for reproducibility, including statistical analyses to evaluate the outcomes

5.1. Simulation outcomes based on investor behavior
After completing the simulation over the specified trading rounds, we obtained the final
balances and trading activities for each investor, summarized in Table 2.

Table 2 Final values for investors

USD Cryptocur USD Crypto Crypto
Name Balance rency Sales Purchases Change | Change Value to
balance g g uUSsD

-448.64 +0.59 1277.63
-789.99 +78.81 3900.64
+757.23 -40.68 1284.88
-826.03 +73.3 3659.02
-793.08 +70.87 2268.22
+976.99 -31.27 56.88

+568.29 -69.49 607.72
+299.79 -40.3 315.49
-278.74 +8.4 1545.37
+543.19 -50.23 88.98

Person 1 457.26 58.21
Person 2 140.89 177.72
Person_3 1546.06 58.54
Person 4 211.59 166.72
Person_5 6.8 103.35
Person_6 1804.29 2.59

Person_7 1777.39 27.69
Person_8 1161.65 14.37
Person_9 706.65 70.41
Person_10 1629.06 4.05

Wl W N W O W& W N ol
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Analysis of final data

The USD balance changes among participants reveal distinct financial strategies and outcomes:

Increased USD balances: Person_3, Person_6, Person_7, Person_8, and Person_10 increased
their USD balances, indicating profitable trading activities.

Decreased USD balances: Person_1, Person_2, Person_4, Person_5, and Person_9 experienced
reductions in their USD balances, likely due to investments in cryptocurrency or less successful
trading strategies.

Changes in cryptocurrency balances

Accumulation strategies: Person 2, Person_4, Person 5, and Person_ 9 increased their
cryptocurrency holdings, suggesting a focus on long-term investment.

Asset liquidation: Person_3, Person_6, Person 7, Person_8, and Person_ 10 reduced their
cryptocurrency holdings, indicating profit-taking strategies.

Changes in cryptocurrency balances for each investor are shown in Figure Nel.
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Fig. 1 Changes in cryptocurrency balance for investors

Figure Nel visually represents the dynamic shifts in cryptocurrency balances for each investor,
comparing their initial and final holdings. This highlights the diversity in trading approaches and
corresponding outcomes.

5.2. Analysis of trading activity

The trading activity of market participants provides insight into their strategies. The trading

activity of an investor is shown in Figure Ne2.
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Fig. 2 Investors activity

Figure Ne2 displays the number of purchases and sales conducted by each investor, illustrating
their level of market engagement and preferred strategies.

Active sellers: Person_1 and Person_6 completed 5 sales each, suggesting profit-taking
strategies aimed at capitalizing on favorable market conditions.

Active buyer: Person_5 conducted 8 purchases, indicating an aggressive accumulation strategy,
possibly reflecting confidence in future market growth.
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5.3. Cryptocurrency value in USD
The cryptocurrency value in USD represents the total value of an investor’s cryptocurrency
holdings converted to USD:

V=BXR. (13)

In formula (13), V' is the cryptocurrency value in USD, B is the balance of cryptocurrency units
held, R is the current exchange rate of the cryptocurrency to USD.

Understanding this value is crucial for investors, as it helps in making informed decisions
regarding buying, selling, or holding assets. It also facilitates comparisons with other investment
options and aids in evaluating the performance of the cryptocurrency within the broader financial
market context.

Example calculation for Person_2

Final USD balance: Bysp = 140.89 USD.

Cryptocurrency value:

V =177.72 X (current exchange rate) = 3900.64 USD (14)
Total asset value:
T = Bysp +V = 140.89 USD + 3900.64 USD = 4041.53USD  (15)

Compared to the initial assets, the total asset value of Person_2 has increased significantly,
indicating a successful investment strategy.

5.4. Price dynamics overview

Analysis of cryptocurrency price dynamics during trading rounds reveals key factors affecting
price formation:

Impact of buying and selling

Price growth: active buying increases demand, leading to higher prices.

Price decline: mass selling increases supply, causing price reductions.

Adding additional coins

Temporary price reduction: introducing new coins at a reduced price increases supply, leading
to a temporary price drop.

Stimulating buying: lower prices attract investors, activating purchases and contributing to
subsequent price growth.

Investor behavior

Trading strategies: different strategies impact market volatility.

Market expectations: expectations of future price movements influence buying and selling
decisions.

General Trends

Volatility: high volatility is observed, especially in response to sharp changes in demand and
supply.

Cyclicality: cycles of price increases and decreases are associated with investor actions and
coin additions.

6. Discussion of the results of investigating the simulation of a cryptocurrency exchange
6.1. Interpretation of results

Successful strategies

Profit maximization: Person_3 and Person_6 significantly increased their USD balances by
strategically timing their sales. Their actions indicate effective profit-taking strategies that capitalize
on market volatility.

Accumulation for long-term gains: Person_2 and Person_4 reduced their USD balances but
substantially increased their cryptocurrency holdings. This suggests a strategy focused on long-term
investment, anticipating future price appreciation of the cryptocurrency.
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Risky strategies
High liquidity risk: Person_5 depleted their USD funds to accumulate cryptocurrency, which
could be profitable if the market rises but carries high liquidity risks.

6.2. Impact of market mechanisms

Effectiveness of adding additional coins

Regulating price: adding new coins at reduced prices effectively increased supply, leading to
temporary price reductions and preventing market overheating.

Stimulating market activity: lower prices attracted investors, increasing trading volume and
contributing to market liquidity.

Investor responses

Investors adjusted their strategies in response to market interventions, demonstrating the
importance of flexibility and responsiveness in trading.

6.3. Scientific novelty and contributions
Modeling investor behavior: the study integrates individual investor strategies into the
simulation, providing a nuanced understanding of market dynamics.
Market regulation insights: findings highlight how supply-side interventions can be used to
manage market volatility.

6.4. Limitations and future research

Limitations

External factors not included: the model does not account for external influences such as news
events or regulatory changes.

Fixed strategies: investor strategies were predefined and did not adapt dynamically during the
simulation.

Future Research directions

Incorporate external variables: including news sentiment and regulatory developments could
enhance the model.

Dynamic strategy adaptation: implementing adaptive strategies using machine learning could
reflect more realistic investor behavior.

7. Conclusions

1. Development of a comprehensive cryptocurrency exchange model

We successfully developed a comprehensive mathematical model that simulates the operations
of a cryptocurrency exchange, incorporating individual investor behaviors and strategies. The model
incorporates investor balances, trading rounds, profit-driven trading mechanisms, and discounted
coin additions to simulate market interventions. This model effectively reflects the key factors
influencing cryptocurrency price formation-buying, selling, and the introduction of new coins.

2. Analysis of investor actions on price formation

The analysis demonstrated that investor actions significantly influence cryptocurrency price
formation. Active buying operations by investors lead to increased demand, stimulating the growth
of the cryptocurrency’s value. Conversely, mass selling increases supply, causing a decrease in price.
The mechanism of adding additional coins at reduced prices effectively alters the supply-demand
balance, temporarily reducing prices and preventing excessive value growth. Strategic decisions
regarding the timing and volume of transactions have a substantial impact on individual profits and
overall market dynamics.

3. Successful simulation and data collection

We implemented the developed model in a computational environment and conducted
simulations of exchange operations across multiple trading rounds. The simulations provided detailed
data on cryptocurrency price dynamics, final balances of money and cryptocurrency for each investor,
and the number of buying and selling transactions conducted. This comprehensive dataset allowed
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for an in-depth evaluation of market behavior and investor performance within the simulated
environment.

4. Analytical evaluation of simulation results

The analytical evaluation of the simulation results identified clear patterns and trends in
cryptocurrency price changes influenced by various factors. The high volatility characteristic of real
cryptocurrency markets was reflected in the model, with price fluctuations associated with investor
activity and changes in cryptocurrency supply. The effectiveness of different investor strategies was
assessed, revealing that investors who adapt their strategies to changing market conditions and
actively respond to emerging opportunities can significantly increase their capital. Understanding the
complex interaction between investor behavior and market mechanisms is critical for successful
trading on cryptocurrency exchanges.

5. Recommendations and future model enhancements

Based on our findings, we recommend that investors adopt flexible trading strategies that
consider market trends and investor behavior to maximize profitability. The model highlights the
importance of investors’ flexibility and awareness of market mechanisms and trends. Future research
should enhance the model by adding external factors, psychological aspects of investor behavior, and
actions of major market players. Expanding the model in this way will provide a more accurate and
complete understanding of market dynamics and open prospects for improving methods of modeling
cryptocurrency markets.
Overall, the study contributes significantly to understanding the mechanisms of cryptocurrency price
formation and the role of investors in this process. The developed model serves as a valuable tool for
analyzing cryptocurrency markets, taking into account both economic and behavioral factors. The
results obtained are useful for investors, traders, and researchers aiming to develop effective trading
strategies and contribute to the development of more stable and predictable cryptocurrency markets.
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CTalOYd BAXKJIUBUM €JIEMEHTOM TJI00adbHOI €KOHOMIKM Ta (IHAHCOBUX pPHHKIB. JlMHaMiuHUN
PO3BUTOK TEXHOJIOTI OJOKYEHH Ta JeUeHTpali30BaHUX (IHAHCOBUX IHCTPYMEHTIB CIIpUSIE
30UIBILIEHHIO IHTEpECY SIK 3 00Ky IPUBATHUX 1HBECTOPIB, TaK 13 OOKY IHCTUTYLIHHUX IpaBiiB. OgHaK
BHCOKA BOJIATWJIBHICTh KPUITOBAJIIOT Ta CKJIAJHICTh ME€XaH13MIB OPMYBaHHS iX KypCy BUKIIUKAIOTh
noTpedy y AeTalbHOMY AOCTIKEHH] IIMX MPOLIECIB.

VY naniii poOOTI MPEACTaBICHO JOCTIIKEHHS MOJICIIOBAHHS POOOTH KPUIITOBAIIOTHOI OIpiKi,
30cepe/KeHe Ha JIeTAIbHOMY aHalli3l MeXaHi3MiB (popMyBaHHS KypCy BaJIOTH IiJ BITUBOM TPbOX
OCHOBHHUX (PaKTOpIB: KYMiBIl, MPOJAXy Ta J10JaBaHHS HOBUX KPUIITOMOHET 10 puHKy. CHcreMa
IMITye TIOBEAIHKY 1HBECTOPIB 3 IHAMBIAyaJIbHUMM IapamMeTpaMu: OajlaHCaMH, PHU3UKOBUMU
npodiIsiMU Ta cTpaTerisiMU TOPTiBIL JUIsi MakcuMizamii mpuOyTKy 3a meBHHHM yac. Y wmojeni
BpPaXOBYIOThCS IICUXOJIOTIYHI aCTeKTH MOBEIIHKH 1HBECTOPIB, iX peakilis Ha 3MIHY pUHKOBHUX YMOB
Ta BILJIUB 30BHIMIHIX (aKTOPIB, TAKUX SIK HOBUHU Ta PETYISITOPHI 3MIHU.

Oco6nuBa yBara NpHAUTSIETHCS aHAII3Y BIUIMBY JIOJIaBaHHS J0JATKOBOI KUTBKOCTI MOHET Ha
OipXKy 3a 3HMIKEHOIO I[IHOIO Y MOMEHTH ITKOBUX 3HA4Y€Hb BAPTOCTI KpUNTOBATIOTH. Lle cTBOproe
YMOBH JJI aKTHBI3allii TOProBUX OMEpalliif, MiJBUINCHHS JIKBIIHOCTI Ta BIUIMBAE€ Ha 3arajibHy
JTUHAMIKy PUHKY, 30KpeMa Ha BOJIATUJIHHICTH Ta TPEH/IM IIHOBUX KOJUBaHb. J0CIIKEHHS TTOKA3YE,
SIK TaKl IHTEPBEHIlIi MOXXYTh OYTH BHUKOPHUCTaHI JIa cTabuIi3aIii puHKY a00 CTUMYJIIOBaHHS MOTO
MOAAJIBIIOT0 3pOCTaHHS.

AmnHaniz OTpUMaHMX JaHUX [JO3BOJISIE€ JETajJbHO CIOCTEpiraTH 3a 3MiHaMU BapTOCTI
KPUINITOBAIIOTU B Yaci, BUSBJISTH 3aKOHOMIPHOCT1 Ta TeHJIeHIil. BUKOpUCTOBYIOUM CTaTUCTUYHI Ta
aHATITHYHI METOJTH, TOCITI/KEHO BIUIMB PI3HUX CTpATETid IHBECTOPIB Ha iX ()iHAHCOBI pe3yJabTaTH Ta
3arajibHy pUHKOBY cUTYaIlito. L{e 1ae MOXKIHMBICTh OIIHUTH, SIK CTPATET14H1 PIIICHHS IHBECTOPIB, TaKi
SK BUOIp MOMEHTY KyIiBJi ab0 Mpoaaxy, oOcar orepariii Ta peakilii Ha PUHKOBI CUTHAIIH,
BIUTUBAIOTH HA X NPUOYTKH Ta 3arajbHy IMHAMIKY PUHKY.

JlochmipkeHHsT MIAKPECIIO€ BAXKIUBICTh TNIMOOKOTO PO3YMIHHS PHHKOBUX MEXaHI3MIB,
TICUXOJIOTIT TOPTIBII1 Ta MOKE CIYT'YyBaTU OCHOBOIO Ui pO3pOOKH e€(PeKTUBHUX TOPTOBUX CTpaTEriid
Ha KPUNTOBATIOTHHUX Oipkax. OTpuMaHi pe3ylbTaTd MOXYTh OyTH KOPHCHMMHU IJsl Tpeiiiepis,
(hiHaHCOBHX aHATITHKIB Ta PO3POOHHKIB AITOPUTMIYHHX TOPTOBUX CUCTEM, CIIPUSFOYH ITiIBUILICHHIO
€(EeKTUBHOCTI Ta CTaOUIHLHOCTI KPUNTOBATIOTHUX PHUHKIB. KpiM TOTO, BUCHOBKH POOOTH MOXKYTh
OyTH 3aCTOCOBaHI1 JJIs1 BAOCKOHAJICHHS PEryIATOPHUX MiIXO0/IIB Ta MOJITHK 1100 KPUITOBAIIOT.
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